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Random finite sets based UPF-CPHD multi-object tracking

WANG Hui-bin, CHEN Zhe, WANG Xin, MA Yu
(College of Computer and I nformation Engineering, Hohai University, Nanjing 211100,China)

Abstract: A multiple tracking method based on UPF-CPHD was proposed, in which the state and observation of the ob-
ject were both described by the random finite sets (RSF). The CPHD algorithm was also introduced into the UPF frame-
work to simultaneously deduce the object state and object number, making the estimation more precise. The experimental
results show that the proposed UPF-CPHD algorithm is able to improve the estimation accuracy of the object number and
state, as well as enhance the object tracking results.
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